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ABSTRACT

Hedge fund activism has been associated with substantial improvements in the governance and
performance of targeted firms. In this paper, we look beyond the targets and investigate whether
yet-to-be-targeted peers undertake real policy changes under the threat of activism. We find that
they do — industry peers with high perception of threat increase leverage and payout, decrease cash
holdings, and improve return on assets and asset turnover. Our evidence strongly suggests that
such policy changes are induced by activism threat rather than time-varying industry conditions or
other peer effects mechanisms, such as product market competition. In choosing which policies
to change, peer firms consider both their own vulnerabilities and the actions taken by recent targets
in their industry. Finally, we show that the peers’ valuations also improve, and these policy and
valuation improvements lower the peers’ ex-post probability of being targeted, suggesting that this
“do-it-yourself” activism is effective. Taken together, our results imply that shareholder activism,
as an external governance device, reaches beyond the targeted firms.
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1. Introduction

Hedge fund activism is an important governance device associated with marked improvements in
the performance and governance of targeted firms (see Brav, Jiang, Partnoy, and Thomas, 2008;
Becht, Franks, Mayer, and Rossi, 2008; Brav, Jiang, and Kim, 2015).! These positive effects often
come at the expense of managers and directors who see a sharp reduction in compensation and a
higher likelihood of being replaced.? Anecdotes suggest that executives of yet-to-be-targeted firms
feel threatened and proactively work with advisors and lawyers to evaluate firm policies “with a
view toward minimizing vulnerabilities to attacks by activist hedge funds.”® The press has
documented that this “activist fire drill” leads to real policy changes such as “spinning off divisions

or instituting return of capital programs to quell dissent before it begins.”*

Our goal is to investigate the role of activism threat in inducing policy changes at the peers of
activist targets and examine whether such responses are effective at fending off activists. Previous
work has focused on the targeted firms and documented significant increases in payout and
leverage, decreases in capital expenditures, and improvements in return on assets and asset
utilization. We provide novel evidence that peers preemptively take similar actions to reduce
agency costs and improve performance. Our evidence of these spillover effects contributes to a
better understanding of shareholder activism as a governance device. Absent these externalities,

the literature does not fully capture the impact of activism.

To organize our discussion of the effects of activism threat and outline the challenges in identifying
them, we follow the social effects model of Manski (1993) in which a group behavior is driven by
three distinct social effects: endogenous, contextual, and correlated.® The first two are
manifestations of peer effects. The endogenous effect is about a firm’s corporate policy (e.g.,
leverage) being influenced by the policies (or, more generally actions) of its peers while the
contextual effect is about the firm’s policy being influenced by the peers’ characteristics. The

correlated effects are not peer effects; peer firms have similar policies because they share certain

! Recent academic work has shown that among activist investors, hedge funds achieve better success as monitors than
mutual funds, pension funds, and labor unions (see Kahan and Rock, 2006; Gillan and Starks, 2007).

2 See Brav et al. (2010) and Fos and Tsoutsoura (2014) for examples.

3 See “Key lIssues for Directors in 2014” by Martin Lipton of Wachtell, Lipton, Rosen and Katz, The Harvard Law
School Forum on Corporate Governance and Financial Regulation, December 16, 2013.

4 See “Boardrooms Rethink Tactics to Defang Activist Investors”, The New York Times, November 11, 2013.

> We define peer firms naturally as companies that operate in the same three-digit SIC industry as previous activist
targets. This is consistent with the approach taken by Leary and Roberts (2014) as well as a large theoretical literature
(e.g., Jensen, 1986; Shleifer and Vishny, 1988; Raff, 2011).
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characteristics or are exposed to the same industry forces. Leary and Roberts (2014) apply Manski
(1993)’s model to study leverage. They show that “the financing decisions and, to a lesser extent,
the characteristics of peer firms are important determinants of corporate capital structure and
financial policies”; that is, their evidence suggests the prevalence of endogenous effects whereby
firms mimic one another. Popadak (2014) and Shue (2013) show evidence of peer effects in

dividend policies and compensation, respectively.

In this paper, we argue that a non-target firm, observing that its peers are being targeted by
activists, may perceive a higher risk of becoming a future target, and change its policies to mitigate
this risk. Considering “being targeted” as a characteristic, the effects of activism threat are
contextual effects in Manski (1993)’s framework. At the same time, a threatened peer may get
guidance on which policies to change by benchmarking against recent targets in its industry; hence,
the effects of activism threat may also include endogenous effects but ones that are narrowly
focused on targeted peers and triggered by their characteristics. Our analysis aims at identifying
the overall threat effects as an externality of activism and differentiating them from alternative

peer effects mechanisms.

The first identification challenge is to isolate the peer effects of activism from the correlated
effects, such as those of common industry factors that may dictate a firm’s policy choice. Such
correlated effects present a classic example of omitted variable bias. For instance, an industry may
undergo (unobserved) changes that increase the optimal leverage for all firms. If some firms
change voluntarily whereas others do not and get targeted, we would observe a positive association
between target frequency and policy changes at non-targeted peers. To mitigate this concern, we
refer to the literature on institutional investing and use, as a source of plausibly exogenous variation
in activism, flow-based capital available to hedge funds that are likely to target a given industry.
We define Threat as a dummy equal to one if the hedge funds’ capital allocated to a given industry,
as a percentage of the industry’s total market capitalization, is greater than the sample median. We
show that Threat is relevant as it predicts target frequency at the industry level. Most importantly,
Threat is likely uncorrelated with industry shocks because it captures time-varying characteristics

of individual hedge funds, as opposed to firm or industry characteristics.

The second identification challenge is to differentiate the effects of activism threat from other peer
effects whereby firms may change certain policies in response to peer actions or characteristics.

For example, Leary and Roberts (2014) show that firms mimic industry peers in choosing leverage
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and discuss several theoretical motivations for such behavior. One of the motivations is the
interaction between financial policies and product market competition (Bolton and Scharfstein,
1990; Chevalier and Scharfstein, 1996). In the context of activism, Aslan and Kumar (2016)
demonstrate negative spillover effects that arise as a result of the peers’ response to an eroding

position in the product market.

To address the second challenge and identify the effects of threat from alternative peer effects
mechanisms, we rely on the cross-section of threatened peers. We conjecture that the managers
and directors of some peer firms would perceive the threat of activism more strongly and react by
preemptively changing firm policies. Brav et al. (2010) show that CEOs and directors of targeted
firms see a sizeable reduction in compensation and a higher likelihood of being fired. Moreover,
Fos and Tsoutsoura (2014) show that directors who are being replaced through a proxy contest are
likely to also lose board seats at other firms. Following this line of reasoning, we proxy for how
a firm perceives the threat of activism by its directors’ reputation costs of losing board seats;
directors with more outside board seats stand to lose more if targeted, and thus, have greater
incentives to implement proactive policy responses. We show that our measure of threat perception

is unlikely to generate similar policy responses through other peer effects.

In sum, our identification strategy employs a combination of industry-level Threat and firm-level
Threat perception. Specifically, we estimate the policy change differences between firms with
high and low threat perceptions across periods when the firms’ industry is threatened and not
threatened. We recognize that our measure of threat perception is not randomly assigned,
potentially raising a concern that our results may be driven by some omitted variables that affect
both Threat at the industry level and policy changes across firms with varying perceptions of threat.
We argue that this is unlikely since Threat captures characteristics of individual hedge funds, and
firms with high and low threat perceptions are equally likely to be targeted regardless of whether
their industry is threatened or not. Nevertheless, we use a variety of robustness checks and

falsification tests to further support our conclusions.

We find positive spillover effects of activism and demonstrate that such effects occur through the

threat channel — non-targeted peers with high threat perception undertake real policy changes to



reduce agency costs and improve operating performance in the same way as the targets.®
Specifically, threatened peers increase leverage and payout, decrease cash holdings, and improve
return on assets and asset turnover (relative to less threatened peers). They also reduce capital
expenditures and CEO compensation but these changes lack statistical significance in most
specifications. Furthermore, we demonstrate that policy vulnerability determines the magnitude
of the response; firms with below-median (relative to the industry) leverage, payout, return on
assets, return on sales, and asset turnover are more likely to increase these policies whereas firms

with above-median cash holdings and CEO compensation are more likely to decrease them.

We conduct various robustness tests to alleviate remaining concerns about the confounding effects
of time-varying industry shocks. First, we find that neither a counterfactual “policy wave’ in which
the majority of peers significantly improve a particular policy nor an industry merger wave leads
to the differential policy changes we document. Second, we perform a matched sample analysis
to demonstrate that differences in observable characteristics across peer firms with high and low
threat perceptions do not drive our results. Third, we show that the non-core segments of a
diversified firm change policies in the same way as its core segments, suggesting that our results
are likely not driven by shocks in the core industry.

We also present additional tests to differentiate the effects of activism threat from those of product
market competition. First, peers may be responding to the improved competitive position of
targeted firms rather than to the threat of activism. To see whether this is the case, we use
reductions of import tariffs to proxy for a rise in competitive pressure (Fresard, 2010), and find
that the differential policy changes between firms with high and low threat perceptions differ from
those we demonstrate under activism threat. Second, we consider another plausible (though less
likely) product market effect, whereby a target reduces competition through differentiation or
innovation that benefits all firms in the industry. We proxy for this scenario using a wave of

increased profit margins, and show that reduced competition cannot explain our results either.

We also explore the contextual (due to the targets’ characteristics) vs. endogenous (due to the

targets’ actions) effects of activism threat by conditioning our analysis on the fraction of recent

6 Brav et al. (2010) show that targets increase payout, CEO turnover, and pay-performance sensitivity. Both Clifford
(2008) and Klein and Zur (2009) find increases in leverage and dividend yield, which they interpret as evidence of
lower agency costs. Brav et al. (2015) show that activist targets raise output, asset utilization, and productivity.
Clifford (2008) also finds a significant improvement in industry-adjusted return on assets, which he attributes to better
asset utilization.



targets that improve a given policy. Our evidence suggests that activism does induce some
mimicking behavior among peers but such behavior may or may not be due to activism threat, as
peers with high and low threat perceptions appear to mimic targets by roughly the same degree.
This implies that our baseline results capture a distinct component of threat that is contextual in

nature.

Next, we investigate the peers’ stock returns around the time of activism threat.” Our definition
of threat based on capital availability does not allow us to identify a sharp observable event. Even
so, we find evidence that the market anticipates the positive policy changes at threatened peers. In
quarters t-1 to t+1 around what we define as the threat quarter, peers with high threat perception
experience statistically significant positive abnormal returns of about 90 basis points per quarter.
These abnormal returns are about half of those observed in actual targets, roughly proportional to

the relative magnitudes of policy changes at peers and targets.

Finally, we examine the effectiveness of the ‘do-it-yourself activism’ and demonstrate that firms,
which proactively correct potential vulnerabilities, reduce their ex-post probability of being
targeted.® We show that the impact of activism threat on the probability of becoming a target is
weaker for peers that (i) improve certain policies or (ii) experience an increase in valuation,
suggesting the presence of a feedback effect. The positive policy changes that we show seem to
alleviate the need for activist monitoring and/or raise market valuations, making it more costly for

an activist to enter.

We make two important contributions to the literature. First, we contribute to the broad corporate
governance literature by providing evidence of a new disciplining force in the marketplace — the
threat of activism. Previous work has focused mainly on the threat of hostile takeovers (Song and
Walkling, 2000; Servaes and Tamayo, 2014) and motivated the use of indexes of takeover defenses
as measures of external governance (for example, the G-index by Gompers, Ishii, and Metrick,
2003, and the E-index by Bebchuk, Cohen, and Ferrell, 2009).° However, Fos (2016) and Zhu
(2013) present evidence of a substantial decline in the incidence of hostile takeovers. Our findings

7 Activists generate significant abnormal returns at their targets, both in absolute terms and in comparison to non-
activist investing (see Brav et al., 2008; Clifford, 2008; and Boyson and Mooradian, 2011).

8 Empirically, similar feedback effects have been shown by Edmans, Goldstein, and Jiang (2012) and Bradley, Brav,
Goldstein, and Jiang (2012). Bond, Edmans, and Goldstein (2012) survey the theoretical literature on this topic.

% See also Karpoff and Wittry (2014) and Cremers and Ferrell (2014) for recent work in this literature.
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suggest that the threat of hedge fund activism may have replaced the threat of hostile takeovers as

an external disciplining force.

Second, our results demonstrate positive real externalities of hedge fund activism, establishing that
its impact reaches beyond the firms being targeted and may have been underestimated in previous
studies. These externalities have been an important but missing ingredient in the hotly contested
debate about whether hedge fund activism is good or bad for the economy.® We show that non-
targeted peers respond to the threat of activism by reducing agency costs and improving
performance, typical policy prescriptions of activists at targeted firms. This proactive mentality
has positive real effects; our conservative estimates suggest that the market valuations of targets
and threatened peers improve by $61 billion (1,280 x $0.949 billion x 5.0%) and $342 billion
(4,150 x $3,056 x 2.7%)%, respectively, over our sample period.

Our findings complement those of Fos (2016) and Zhu (2013) who study how a firm improves its
policies by learning from its own ‘mistakes’ in response to the threat of external interventions such
as proxy contests, shareholder activism, and hostile takeovers. In contrast, we focus on how peer
firms learn from the (perceived) mistakes and corrective actions of activist targets, and institute
similar policy changes to address their own vulnerabilities to activist targeting. Our findings also
complement those of Aslan and Kumar (2016), who document negative spillover effects of
activism due to product market competition. We isolate the positive spillover effects due to threat,
and show that they are distinct from other externalities of activism.

The rest of the paper proceeds as follows. Section 2 describes our firm-year panel and outlines the
peer effects framework we use to identify the effects of activism threat. Section 3 investigates the
role of activism threat in inducing real policy changes at peer firms. Section 4 presents additional
counterfactual and robustness analyses in support of the threat mechanism. Section 5 examines
whether the market anticipates the disciplining effects of activism threat, and Section 6 studies the

feedback effects of threat. Section 7 concludes.

10 For example, see “Don’t Run Away from the Evidence: A Reply to Wachtell Lipton” by Bebchuk, Brav, and Jiang,
The Harvard Law School Forum on Corporate Governance and Financial Regulation, September 17, 2013.
11 This assumes that only peers with high threat perception experience the threat-induced valuation improvement.
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2. Data and empirical framework

2.1 Sample description

Our activism sample consists of hand-collected data on hedge fund activist campaigns between
1994 and 2011. We combine data from regulatory filings and SharkRepellent.net, following the
procedure described in Gantchev (2013). The primary data source is Schedule 13D, which must
be filed with the US Securities and Exchange Commission (SEC) by any investor who acquires
more than 5% of the voting stock of a public firm with the intention of influencing its operations
or management. We retain only the first instance of targeting within a firm-year and require that

targets be matched to CRSP and Compustat. Our final sample includes 1,305 unique target-years.

As seen in Figure 1, the numbers of both targeted firms and targeted industries vary substantially
over the sample period, peaking in 2005-2008. In the time series, the number of targeted industries
varies less than proportionally with the number of targeted firms, suggesting that activism activity
is, in part, scaled up and down in the same industry. Our measure for activism threat explores the

role of hedge fund capital in predicting this variation in activism over time.
[Insert Figure 1]

We create an annual firm-year panel by merging the activism sample to the CRSP-Compustat
sample of public firms. Table 1 reports important characteristics of the full panel of 62,920 firm-
years'?, and Appendix A provides variable definitions. At this point, we simply note that our

variables are standard and have typical distributional properties.

[Insert Table 1]

2.2 Peer effects framework

For clarity, we present the spillover effects of hedge fund activism in the social effects framework

of Manski (1993). Following Leary and Roberts (2014), we model a firm’s policy, y; ¢, as

Vije =+ BV—ije + V' Xoije + A Xije + Uje + €3¢ (1)

12 In subsequent tests, we drop 1994-1996 due to the construction of our measure of activism threat.
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where the subscripts i, j, and t correspond to firm, industry, and year, respectively. The covariate
y-ijc denotes peer-firm average policy (excluding firm i), and the vectors X_; je and X are peer-
firm average characteristics and own-firm characteristics, respectively. We define a peer group as
firms in the same three-digit SIC industry. The vector U;, contains time-varying industry factors
that affect the outcome variable, and is usually assumed to contain the time-invariant industry
component and the common time component that can be absorbed through industry and time fixed

effects, i.e. Uy = 6'p; + ¢'ve + K'uye.

Manski (1993) refers to By _; ;; as the endogenous effects, V' X_; j¢ as the contextual (or exogenous)
effects, and Uj; as the correlated effects. The first two are different manifestations of peer effects;
the former represent group behavior affecting individual behavior whereas the latter represent
group characteristics affecting individual behavior. We view the effects of activism threat as
contextual effects as policy changes are induced by the peers’ average characteristic of “being
targeted”. Consider an indicator equal to one if a firm is targeted as an element of X. Then, the
corresponding element of )?_ijt is simply the number of activist targets divided by the number of
firms in the industry (excluding firm i), to which we refer as target frequency. Thus, proving the
existence of activism threat boils down to proving that the element of y associated with target

frequency is non-zero and that it embeds among other things the effects of threat on policy actions.

Leary and Roberts (2014) show that the structural model (1) translates to the following reduced-

form regression:

Equation (2) illustrates two challenges in identifying the effects of activism threat. First, the
orthogonality between the regression residuals and the included variables, particularly the main
variable of interest — target frequency, may be violated, resulting in an omitted variable bias.
Second, as described by Manski (1993), the different manifestations of peer effects, endogenous

vs. contextual, cannot be empirically differentiated in the reduced-form estimate of y*.



2.3 Peer vs. correlated effects

The first challenge is to identify the effects of activism threat as peer effects. If activism has
externalities on industry peers, then the coefficient y* in equation (2) should be non-zero (i.e.,
either endogenous or contextual effects or both are present). Therefore, identifying the peer effects
in a broad sense would only require that the regression residual is conditionally orthogonal to the
included variables E(X|w;), X, and u;. This orthogonality assumption is likely violated in our
setting since hedge funds target firms that would benefit the most from their policy prescriptions

and we do not observe the hedge funds’ full information set.

To address the omitted variable bias, we need variation in an industry’s target frequency that is
uncorrelated with the firms’ policies (except through the threat mechanism). We argue that flow-
based capital available to activist hedge funds to target an industry possesses these properties. Our
measure is in the spirit of Edmans, Goldstein, and Jiang (2012) who use extreme mutual fund flows
as an instrument for stock price changes, and Gantchev and Jotikasthira (2016) who use
institutional sell and buy fractions across a set of unrelated stocks to extract uninformed trading in
a given stock.'® We refer to this flow-based measure of activism scale in the industry as threat.

Specifically, we calculate the continuous version of threat, or Continuous threat, for industry j and

year t, Zj;, as:

P —— Yheri(g,) FIFA(D,),1)
e MCAP(jt-1) '

where

MCAP(j,t-1)
icihy MCAP(i,t-1)

FIFA(h,j,t) = [Flow(h,t-1) + Flow(h,t-2)] x

is the flow-induced fund allocation of hedge fund h to industry j in year t, MCAP(j,t-1) is the

market capitalization of all firms in industry j, Flow(h,t) is the dollar flow to hedge fund h in year

13 In short, our instrument captures what the literature on institutional investing calls “push” effects, or cases in which
institutions change their investment in a particular asset in response to their own circumstances (such as preferences
or endowments), largely in the absence of any changes in asset fundamentals (see Coval and Stafford, 2007, for
example). On the other hand, “pull” effects refer to observable and unobservable asset characteristics that draw
institutions to a particular asset. In our setting, the omitted variable bias is likely caused by a pull effect in which
time-varying industry conditions or shared firm characteristics simultaneously impact both activism scale and policy
changes at non-targeted peers.



t, J(h,t) is the set of industries that hedge fund h is likely to target in year t, and H(j,t) is the set of
hedge funds for which industry j is a member of J(h,t). We consider a hedge fund likely to target
industry j in year t if in years t-1 or t-2, the fund (i) targets at least one firm in industry j, or (ii)
follows, within a span of 1-2 years, another fund that meets criterion (i) in at least one industry
other than j. Our aim is to capture the additional capital received by all activists that can launch a
campaign in a given industry at a relatively low cost, either because they have had recent
experience doing so or because they tend to follow others that have done so in the past.*

The variation in Z;, comes from three sources. The first source is the match between industry j
and the activists during years t-1 or t-2; a larger number of hedge funds targeting firms in industry
j will result in a larger value of Z;;. The second source comes from the characteristics of the
targeting activists; for example, if the targeting hedge funds are larger and more successful, with
many others following, then their combined available capital will likely also be larger. The last
source is the capital growth of the targeting activists and their followers; if these hedge funds have

been more successful in the past, they will likely attract more capital and pose greater threat.

We argue that our threat proxy is relevant.® The literature on institutional investing suggests that
when institutions have abundant capital, they are under pressure to dispose of it quickly and often
invest in assets they currently hold. The average activist accumulates most of his ownership in the
target in the 60 days leading up the Schedule 13D file date (Gantchev and Jotikasthira, 2016), and
hence activists with additional available capital are more likely to expand their activist ownership

in the industries in which they have recent experience.

We define a dummy version of threat, denoted by Threat, as an indicator that equals one if the
continuous threat is greater than the median of all non-zero values, and zero otherwise. In Figure
2, we track the number of threatened industries, i.e., those for which Threat equals one, and the
number of targeted industries. At the industry level, Threat seems to track activist targeting well.
Threat reflects not just past targeting but also capital available to activist hedge funds, which

captures additional information from outside an industry. For example, the number of threatened

14 For example, Discovery Group launches 30 campaigns in our sample period, ten of which are in the three-digit SIC
industries recently targeted by Barington Capital Group, which itself initiates 33 campaigns. By contrast, Discovery
follows Loeb Partners just five times, despite Loeb’s launching over 110 campaigns in our sample period.

5 The relevance condition is E(X|Z, u]o) * E(X|u]9), where u]Q is the observed components of time-varying industry
conditions w;. In our setting, we can think of E(X|u]9) as capturing the pull effects and E(X|Z, u]{’) - E(X|u]9) as
capturing the incremental push effects coming from capital flows.
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industries peaks in 2007, lagging behind the peak in the number of targeted industries by one year.
At the same time, reflecting the contraction of hedge fund capital during the Great Recession, the
number of threatened industries sharply drops in 2008-2009, despite the large number of targeted

industries in the prior few years.

[Insert Figure 2]

Table 2 provides additional evidence of the predictive power of our threat measures. In columns
(1) and (3), we regress an industry’s target frequency in year t on our continuous measure of threat
at the beginning of year t while, in columns (2) and (4), we use a dummy version of threat. Both
measures are highly statistically and economically significant. For ease of interpretation of the
economic effects, we focus on the dummy version here and in all subsequent analyses.*® Based
on column (2), peers in threatened industries experience a 1.5% higher probability of being
targeted (a 75% increase from the unconditional probability of 2%). Importantly, even after
controlling for lagged target frequencies in columns (3) and (4), the coefficients of both threat
measures are still highly statistically significant, suggesting that capital availability plays a distinct
role in driving the scale of activism. The last two columns show that threat retains predictive power

up to two years (t and t+1).

[Insert Table 2]

With respect to the exclusion restriction, we argue that our threat proxy is plausibly uncorrelated
with unobserved common industry factors (after controlling for past targeting) because the latter
are time-varying industry characteristics that affect firm policies (and simultaneously hedge fund
targeting), whereas our instrument captures time-varying characteristics (such as size, network,
flows, and capital) of specific activist hedge funds that are likely to invest in the industry in the
near future. We recognize that industry characteristics may still play an important role in attracting
certain types of hedge funds; therefore, we lag the match between hedge funds and industries by
(up to) two years and include other hedge funds that tend to follow the activists already targeting
the industry. Further, we recognize that lagging exposes us to the concern that past targeting,
which partially drives our threat measures, may be correlated with unobserved industry factors that

16 The continuous version of threat is highly positively skewed and its economic effects are difficult to interpret using
typical statistics such as standard deviation or interquartile range.

11



affect current policy changes. We address this concern by including lagged target frequency in our

regressions to absorb such effects.

Another concern may be that investors pour money into specific activist hedge funds, having in
mind a specific industry for future targeting. The literature has shown that most activists are
generalists, and our flow data, inferred from 13F reports, are at the investment company level. On
average, hedge fund companies invest just about 10% of their assets in activist campaigns so fund
flows are unlikely to be directed to activism in specific industries. Finally, we note that unobserved
fund managers’ information, which drives their current targeting decisions, does not affect our
threat measures since we allocate flows mechanically across prospective industries based on the
firms’ market capitalization. For other remaining concerns, we conduct a host of robustness

analyses, described in Section 4.

2.4 Threat vs. other peer effects

The second challenge is to differentiate the effects of activism threat from other peer effects such
as product market competition or pure mimicking. We address this challenge by using the cross-
sectional variation of threat perception among threatened non-targeted peers. Specifically, we
assume that the contextual effects of activism take the form: y = y, + y1D; ¢, where D;;, proxies
for the threat perceived by the managers and directors of firm i in industry j. Thus, y; captures
the effects of activism threat that vary with D;;,, and y, captures the average contextual effects of
activism, including those of product market competition and average activism threat across all
non-targeted peers. Assuming that D = 1(0) indicates a high (low) threat perception (which may
have a direct impact on policy y as captured by @D below) and X;;, is a scalar indicator for being
targeted, the difference in y between firms with high and low threat perceptions is:

E(y|X,w,D =1) —E(y|X,u;,D = 0) = y;E(X|w)) + ¢, where y; = 1V_—1B (3)

If the target frequency, E (X |u]) IS exogenous, then we can estimate y;, the effects of threat that

are sensitive to threat perception, by adding D and D X E(X|uj, D) to the regression in (2).

In our implementation, we conjecture that directors who stand to lose more will be more fearful of
activism, and hence, will push for changes more forcefully. In particular, we create a dummy

variable, High Threat Perception or HTP (i.e., D above), which equals one if the average number
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of outside board seats that firm directors hold is above the sample median. We claim that this
measure is highly relevant as activists often challenge incumbent boards at targeted firms
(Gantchev, 2013) and directors who get replaced in proxy contests are significantly more likely to
also lose board seats at other firms (Fos and Tsoutsoura, 2014).

More importantly, we argue that HTP is unlikely to be related to other peer effects mechanisms in
the same way it is to activism threat. First, HTP captures director “busyness” and busy boards are
associated with poor governance, lower valuation, and greater complacency (Fich and Shivdasani,
2006). Hence, busy directors are less likely to make policy changes similar to those at activist
targets. Second, as seen in Table 1A.1 in the Internet Appendix, firms with high threat perception
(HTP = 1) have significantly higher market capitalization, Tobin’s Q, and return on assets than
firms with low threat perception (as well as typical activist targets). As shown by Leary and
Roberts (2014), such large and successful firms are less sensitive to policy changes at smaller
peers. Thus, the endogenous effects (due to mimicking) should weaken or possibly reverse our

results.

Nevertheless, we recognize several potential concerns. First, directors with more outside board
seats may have better skills or networks, allowing them to respond more effectively to increased
(or decreased) competition. In Section 4, we perform two additional counterfactuals to study such
competitive effects. Second, instead of mimicking an average peer or a leader (as in Leary and
Roberts, 2014), firms may look at targets to get guidance on which policies to change. We consider
this specific form of mimicking targets as part of the effects of activism threat. In Section 4, we
examine the extent to which such mimicking plays a role in shaping the policies of threatened

peers.

Third, our measure of threat perception is not randomly assigned. Firms with high threat perception
are naturally larger (and hence, have higher stock liquidity, institutional ownership, and analyst
following, for example). Note that this should not be a concern if the variation in our threat
measure is completely exogenous (conditional on the variables included in the model). One type
of selection bias that is particularly problematic is that some unobserved industry factors may drive
both threat and policy changes at non-targeted peers, and firms with high threat perception may be
especially vulnerable. If this bias is pervasive, we should observe that these vulnerable firms
would be more likely to be targeted when their industry is under threat. Table I1A.2 in the Internet

Appendix shows that this is not the case; both types of firms have similar target frequencies in the
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full sample, and when their industries are threatened and not threatened. Section 4 presents several
robustness analyses that together limit the scope to which the absence of random assignment may

drive our results.

2.5 Estimation

In sum, starting from equation (2), our use of Z as a source of exogenous variation in E(X|uj) and
D as a source of variation in threat sensitivity leads to the following empirical model (assuming X

is a scalar):

E(y|X,w;,D) = a* + (v§ + viD)E(X|Z,w,D) + ¢*D + 1'X + k"', (4)

where a* =ﬁ; Yo = (M) Y1 =%‘ pr=p; =2, k' = (ﬁ)’.

The reduced-form parameters in (4) can be estimated using standard methods such as 2SLS.
However, for the purpose of establishing the effects of activism threat, i.e., showing that y, is
significant and in the right direction, we simply replace E(X|Z,u;, D) by Z. The estimated

coefficient of D x Z, which captures the difference in policy change between firms with high and

low threat perceptions across periods with high and low levels of activism threat, is:
vilE(X|Z = 1,w,D) — E(X|Z = 0,u;,D)]

where Z = 1(0) is the dummy version of threat. Since E(X|Z, uj, D) and Z are positively related

(see Table 2), the estimated coefficient of D x Z is proportional to y; and by extension y;,

assuming that —oo < § < 1.7

17 This is very likely true given the structural estimates of Leary and Roberts (2014) for leverage and Popadak (2014)
for dividends. It is also reasonable to assume that the policy changes at mimicking peers will be in the same direction
but smaller in magnitude than those at the targets.
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3. Policy changes at peer firms

To begin, we confirm prior findings that targeted firms reduce agency costs and improve operating
performance following the activist campaigns. Figure 1A.1 in the Internet Appendix plots mean
and median policy levels at activism targets in the five-year period around the campaign (year t).
Two findings deserve mention. First, targets increase leverage and payout, and decrease capital
expenditures and CEO pay, suggesting a reduction in agency costs. These changes seem to be
widespread as seen in both the mean and median levels. Second, targets generally experience a
worsening operating performance before activism, followed by a sizeable improvement in mean
return on assets, return on sales, and asset turnover in the two years post-activism. These
operational changes appear to take longer to implement and are not as widespread as seen by the

smaller improvements in the median performance levels.

We confirm these findings in Table 1A.3 in the Internet Appendix, where we regress policy levels
on event year dummies (from t-2 to t+2). Consistent with the univariate evid